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The use of artificial intelligence in measuring the adequacy and appropriateness of electronic evidence in auditing

processes (convolutional neural networks as a model).
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Abstract:

Digitizationis vital in the present time, especially with the huge spread of artificial intelligence
applications. In this context, it has become very critical for everyone to adopt these technologies so as to keep up
with the temporary circum stances. This research paperaims to analyze the use of artificial intelligence in
measuring adequacy and appropriateness Evidence as well as its impact on audit practice, whether in terms of
providing accurate information or in terms of the possibility of relying on it in making rational decisions through
the construction of an artificial intelligence model that utilize TEXT CNN algorithm to measure the sufficiency
and appropriateness of the evidence.

The paper concluded that artificial intelligence is effective in improving the quality of audit practice,
leading to more precise valuations of the adequacy and relevance of financial statements.

Keywords: electronic evidence; artificial intelligence; Convolutional Neural Networks; Audit.
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Entrée [7]: print(df_train_csv.shape)
print(df_test_csv.shape)
df_test_csv.head(4808)

(18531, 18)

(2633, 18)
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LIALK_Udld]  FALKdEE PUNKL 13 @ireduy Up-LU-udie:

Updated table with target column saved ta: OfUsers/compiabilite dps/Desktopftarget2 ooy
fnamere de chegque'; 2523500

Extracted Text - Montant en Leftre:

Cent Vingt Cing Mille Six Cent Trente Six Dinar Algerien Trente Centime

Extracted Text - Morntant de Chegue:

1256263

Prediction:

i sELud

Foc e

‘murnere de chegue': 2523510

Extracted Text - Montant en Letira:

Six Millions Cing Cent Trente Neuf Mille Deux Cent Trente Er Un Dinar Algerien Vingt Centime
Extracted Text - Maontantde Chegue:

6559231.2

Prediction:
‘numero de chegue's 2523510
Extracted Text - Montant en Lettre:
Six Dinar slgerien Vingt Centime
Extracted Text - Montant de Chegue:
91ZBO01.2

Pregiction:

"numers de chegue® 2Zhjkhkj

Extracted Text - Montant en Leltre:

guatre millions sept cents mille dinar algerien
Extracted Text - Montant de Chegue:
700000

Prediction:
L e

‘rumero de chegue’: 2784986

Extracted Text - Montant en Lettre:
guatre cent cinguante mille dinar algerien
Extracted Text - Montant de Chegue:
Ba000.0

Prediction
L ednlin il

‘numers de chegue': 2926536

Extracted Text - Montanten Lettre:

cing cent soixante hult mille quatre cents dinar algerien
Extracted Text - Montant de Chegue:

5684000

Prediction:

. £
—
G G

"numens de chegue': 2968783

Extracted Text - Montant en Lettre:

Cingg Millions Quatre Cent Quatre Vingt Six Mille Deux Cent Cinguante Trois Dinar Algerien
Extracted Text - Montant de Chague:

S486253.0

Prediction

‘numera de chegue’: 2784598
Extracted Text - Montant en Lettre:
trods cent vingt cing mille dinar algerien
Extracted Text - Montant de Chegue:
195200.0

Pregiction:
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