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Abstract :

Limited statistical models results in impairment in interpreting phenomena represented
by binary response-dependent variables and usually expressed in values (0, 1), make statistics
experts tend to use other statistical models, fit and solve the problem of predicting the binary
values of variables. From this comes the importance of this article, and of how the trade-offs
in using both linear probability models, models altobit, walbrobitet, logistics models in the
study of the relationship between binary values for the dependent variable representing the
phenomenon to be studied, between independent variables which explain those, plus address
hypotheses and conditions apply and try how to estimate exposure parameters and appropriate
results calendar to suit the aim of bilateral character to be searched.

Keywords: Binary dependent variable, Linear probability model, tobit model, logistic model,
probit model.
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