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Abstract:  

Climate change in today's world has become a clear threat at the local, regional and 
international levels. Trying to reduce these risks is essential. This study aims to test the relationship 
between uncertainty in global climate policy and oil price volatility. The study applied integration 
test and ECM model to monthly data from January 2000 to August 2023. 

The results showed a long-term and short-term balance between climate policy uncertainty 
and crude oil prices, The results also concluded that climate policy uncertainty was affecting oil 
prices positively. 
Keywords: Climate risks, uncertainty, Climate policy, Oil price. ECM model. 
JEL Classification: D81, G17, Q01. 
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