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Abstract:

This study aimed to identify the different methods of estimating paragraph
parameters and ability in the response theory of the item using the Rasch model, in
addition to identifying the most accurate estimation methods in estimation under
different conditions in terms of the number of paragraphs, the size of the sample, and
the logarithmic model used. The most important of which is the method of great
likelihood with its three methods and the Bayesian method with its two methods. It
was found through a comparison between the estimation methods and based on
various previous studies, both Arab and foreign, that the Bayesian methods are
superior to the method of great likelihood, especially in small samples, or when using
the binary logarithmic model. It also gave less error estimates compared to the
maximum likelihood method, in addition to having better stability than the estimates
of parameters and standard errors that are obtained through the maximum likelihood
method, especially when estimating the capabilities on the outskirts of the capacity
continuum as well as by increasing the number of vertebrae and the size of the

sample.
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