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Abstrael:

This research aims to use hybrid models that combine ARIMA models in the estimation of
linear variations and radial base function network models for the estimation of non-linear
variations, In order to estimale it, lo predict it and to compare it with ARIMA models, In order to
compare the models used, MSE and RMSE were applied. The time series data of eleciricity

consumption in Algeria were used for the period (1980-2019), and it was found that hybrid models
are better than ARIMA models for forecasting electricity consumplion in Algeria.
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ARIMA-RBFN (el 739019 ARIMA 39001 ¢ 3yaL1 18 o, JS

EC
— Hybred
Predicted valus from EC-

]
[T = = I = =

D Do o ko @

00T

ol slael e suall

Shere obumy Led Sliadl (3 ey Sd ePgaly udal] @I 7 350idl 4350l
& Jially (RMSE) sl clasye basgia juzg (MSE) lasdl cilasye asgio
(4) 03, Jgazll

ARIMA-RBFN (el 739019 ARIMA 7 39001 ¢ &iyLaL1 4 o3 Jour

Time EC ARIMA ARIMA-RBFN
2010 33.84 29.88 30.68
2011 38.24 35.69 36.58
2012 43.06 40.94 41.83
2013 45.39 48.34 49.23
2014 49.41 48.68 49.57
2015 53.56 50.9 51.77
2016 55.93 54.57 55.45
2017 60.27 59.44 60.3
2018 65.34 64.06 64.74
2019 68.23 68.31 69.15

MSE 4.71728 3.36671
RMSE 2.17193002 1.83485967
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Ol obd Jllly (RMSE 9 MSE J dayd 81 (de dgsat ling AARIMA 7 3503
ARIMA 730 plaseiacly ¢l ol dlades § Aasedl Llas¥l &2 das o
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Sl 8 eSO Mgl 3l § Blladg o1 ST 006, Apeladdl ol
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